
- kernels = Elegant and powerful technique
to deal with linear euodelg

- Liner models
- examples of feature weeps
- land will allow to duel with Efik detail feature mpg.

- problems when linear models are used
a interpolation / approximation
• supervised leaning
• solution of PDE / optimal control
• integration problems

- Case study : interpolation
,
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We don't mind explicit feature maps
anymore .

Kernels
Lik k : Xxx→ IR be a fiction s. t .
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Bodner theorem
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Mercer Theorem

Given finite mesne v a r

define L : L'( o) → 2%1 liner depends
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Properties of kernels Hadamar
Ki , Kz kernels prance
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Interesting subcases
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kernels on weird spaces
a strings
. opophs
- manifolds

Sobolev Spaces and convolute spaces
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- RKHS
Let of :X → V for V Hilli space, then
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Definition based on the kind
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Algebraic porkies ofH
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When F is a RKHS

Abstract Hilbert space IF, c. , . > )
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